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Abstract—Games video examination for recovery reason has
turned into a hot examination region. As essentialpieces of
information to sports video content examination, dicovery and
acknowledgment of the number of competitors is annimediate
strategy to recognize competitors. Here it's propad a strategy
for recognize unbending number of competitors. The mmber of
competitors, as a case, we investigated strategifs recognition
and distinguishing proof of the unbending disfigure characters.
In the first place, we embraced a strategy that jois edge
highlights and shading components to find the compi¢or
number material. At that point we utilized point of view change
for redress of twisted zone to distinguish the iméxible twisting
characters. At last, for the competitor territorial characters after
change, we utilized the technique for character faonat
coordinating for distinguishing proof. Test results on
commonplace games pictures demonstrate the potentiaf our
calculation.

Index Terms— image processing, athlete
numbers, etc.

sports, gaming

I. INTRODUCTION

Sports game is popular in today's world, and vigame
analysis software is favored by many sponsors aar.f
Therefore, doing research on game video analysimtdogy
is of great significance. Text in image and videaikind of
objects that contains abundant information, whitéy® an
important role in research field of video contemtalgsis,
retrieval, image content understanding. In realliegfions,
users often care for video clips about their preférathletes.
Compared with athlete identification by other metlie face
recognition, jersey number is more feasible sinég inade of
limited digital characters from ‘0’ to ‘9. As fasurvey on
research of jersey number detection is not mucterdthre,
the study of the proposed system not only conteibtd sports
video analysis, but also makes sense for detectind
identification of non-rigid deformed characters.eTmethod
nine second-order Gaussian derivatives to extragstical
strokes in horizontal aligned text regions can cletext in
web images, video frames and some document imamgbsas
newspapers. The second- and third-order central entsmin
wavelet domain as the texture features and a newtalork
classifier is applied for text block detection. fihproposed
system can combine the edge information with cédgout
analysis to detect scene text.
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Il. PROBLEM STATEMENT & MOTIVATION

Problem Statement

The technologies are becoming successful solutibat
allow Video processing devices carried by the vietwecheck
for the player number with techniques been useattess the
confidential information or reliable information texploiting
external storage nodes. Some of the most challgriggues in
this scenario are the enforcement of authorizgtigicies and
the policies update for secure data retrieval.

Mativation

To obtain more accurate estimates of the impactargjet
advertisements. The problems using the identificati
algorithm are calculated using the three typese détection
of the number region, Number Extraction and Number
Recognition techniques.

[ll.  EXISTING SYSTEM

The combination of color, size and shape featums h
made the jersey number detection task possible.
The method can be used to help identify playeports video
automatically and then contribute to the sporteweid¢ontent
analysis.

Compared with athlete identification by other metho
like face recognition, jersey number is more felasfince it is
made of limited digital characters from ‘0’ to ‘dt.is general
in even different types of sports videos, as shawfigure 1
below. For text in general video, we can employersecond-
order Gaussian derivatives to extract vertical k&so in
horizontal aligned text regions. Also, we can lecéxt in
images and video frames using the image gradiemtfe and
a neural network classifier. There is a classieat tietection
algorithm based on connected component analysis.

The method above can detect text in web images,
video frames and some document images such as aparsp
Mean, second- and third-order central moments inveled
domain as the texture features and a neural netalassifier
is applied for text block detection. We can combihe edge
information with color layout analysis to detecese text.

We use GLVQ (Generalized Ilearning vector
guantization) algorithm to clustering image pixgt limited
color- homogeneous regions. Given the GLVQ algarjtthe
primary problem is to decide the color cluster nemQuan N.
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Figure 1: Jersey number detection scheme.
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Disadvantages of Existing system

2) Extraction of numbers

After the completion of the athlete number cloth
location,we still cannot directly identified athlete numtzard
single number extraction is essential. We need to exethgte
imagebinarization and remove border of the number cloth
order tolighten the disturb of unnecessary noise dot. A¢hle
number area shows a bimodal distribution of gpayterns,
and the difference between foreground amatkground is

There is no discriminative texture or structuregbvious, so we can take the mean gray valuthefregion as

information to determine whether it is number ort.no the threshold of binarization.

Furthermore, jersey number can even blur becauathtste’s
fast motion or be covered by other objects. Detecti
performance of this method is not efficient.

IV. PROPOSEDSYSTEM

The finding of rigid athlete numbers puts forwart t
location and recognition method of the number dfledés.
And implement more effective image segmentatiororatigm
to detect rigid number of athletes and to imprdwedandidate
location performance.

Objective
The objective of this project is to explore the hoels of
detection and identification of the rigid deformglthracters in

sports video to detect rigid number of athletes. tBat
detection performance is improved.

Aim

The aim of this project is to employee the methdd o

character template matching for identification dfletes in
sports video.
Methodology

General detection algorithm used in text/imagefvidas
been relatively mature, but it may not be suitdbleathlete

number identificationn sports video. The size and color of

athlete number cloth are not fixed in sports coitipet and
the number will be fuzzy and even completely blatkey
otherobjects when athletes exercise strenuously.
1) The number region detection
2) Extraction of Number
3) Recognizing the number
1) Thenumber region detection

For identification of athlete number in sports vide
we should firstly detect the quadrilateral region dhlete
cloth. we use the method combining edge detectioncaror
information to locate the number of athletes’
Additionally, we added a refine process for thepsig

number cloth area location module, making the recognition
accuracynot be reduced because of the rigid deformation of

the number.
a) Edge detection of athlete cloth number
b) Color recognition of athlete cloth number

c) Athlete number region refining

cloth

In order to remoeeth
interference of thathlete number cloth borders, tteamoving
method based on the projection in horizontal amedtical
directions can be used which can achieve a betseittfor the
next steps.

3) Recognizing the number

After the detection of the athlete number regiod a
athlete number extraction, number recognition carcérried
out to identify the athlete number. This is alse final step for
the rigid athlete numbers recognition in sportswid Athlete
number cloth generally contains numbers from 0 &m® does
not contain Chinese characters. Thus, athletesh alamber
recognition belongs to the question of the smalnga
standard character pattern recognition.
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Figure 2: System Flow Chart
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Figure 3: Histogram equalization flow chart \
Histogram equalization is a technique for adjusting For a pixel say
image intensities to enhance contrast. Let f bévangimage M(Lj)
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ranging from O to L — 1. L is the number of possibitensity
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Algorithm for canny edge Detection

The algorithm runs in 5 separate steps:
Stepl.Smoothing: Blurring of the image to remove nc

Step 2.Finding gradients: The edges should be marked w
the gradients of the image has large magniti

Step 3. Non-maximum suppression: Only local maxil
should be marked as edges.

Step 4. Double thresholding: Potential edges are deterrr
by thresholding.

Step 5. Edge tracking by hysteresis: Final edges
determined by suppressing all edges that are
connected to a very certain (strong) e

VI.RESULTS

Rigid Athiete Number ldentification

Original iriage Canny IMAGE

LETTER EXTRACTED IMAGE

VII.CONCLUSION

Athlete identificationis critical for game video conte
examination since clients regularly think about Wdeo cuts
with their favored competitors. The proposed framewvill
propose a strategy for competitor recognizable fprow
brushing the division, following and ackwledgment. To
begin with, embrace a technique that joins edgmetts anc
shading elements to find the competitor number rzdteAt
that point utilization of viewpoint change for redye of
distorted region to distinguish the unbending disfement
chamcters. Finally for the competitor provincial chamas
after conformity, can be utilized the strategy fdraracte
format coordinating for distinguishing proof. Hencthe
proposed calculation has useful applications and
extraordinary potential for nflexible competitor numbe
acknowledgment in games video. Regardless of thmeert
frameworks work in this way, the discovery and ex@n of
the proposed strategy should be further made stridster or
work, more powerful picture division calculat ought to be
incorporated to enhance the applicant area exet
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